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d
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p
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b
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p
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con
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d
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.
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d
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con
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p
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d
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b
le-b
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•
E
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d
u
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g
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e
b
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e
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m
u
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b
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n
d

m
ed
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b
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g
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n
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b
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b
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con
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b
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p
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p
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b
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p
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%
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d
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b
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b
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b
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e
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n
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orld

in
w
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al?
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g

T
e
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o
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g
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A
su

b
ject
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b
e

•
u
n
cen

sored
at
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en

t
t

if
sh

e
h
as

n
ot

prem
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w

ith
d
raw

n

at
or

prior
to

assessm
en

t
t

(t
=
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•
cen

sored
d
u
e
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verse

even
ts
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en
t
t
if
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e

w
ith

d
rew

d
u
e
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even
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en
t
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•
cen
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d
u
e
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lack
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effi

cacy
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assessm
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t
t

is
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e
w

ith
d
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d
u
e
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lack

effi
cacy
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en

t
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•
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d
u
e

to
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er
reason
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e
w

ith
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d
u
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N
o
ta

tio
n

L
et

•
X

=
0

if
th

e
su

b
ject
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assign

ed
to

p
laceb

o,
1

if
assign

ed
to

100
m

g/d
ay,

2
if

assign
ed

to
200

m
g/d

ay,
an

d
3

if
assign

ed
400

m
g/d

ay.

•
Z

b
e

b
aselin

e
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in
clu

d
in

g
age,

gen
d
er,
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gth

of
d
iab
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stu
d
y

en
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d
u
ration
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p
olyn

eu
rop

ath
y

prior
to

stu
d
y

en
try,

stu
d
y

m
em

b
ersh

ip
(N

P
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N
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an
d
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of

care
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S
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E
u
rop

e).

•
V

t
b
e

th
e

V
A
S
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to

b
e

m
easu

red
at
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en

t
t.

•
Y

=
V

8 .
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=
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E
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w
h
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–
R

M
t
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e

p
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tage
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d
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b
etw

een
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en
t
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1
an

d

t
of
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e

m
ed
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u
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–
A

E
t
is

th
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d
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b
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en
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